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This paper proposes o new genetic algorithm for learning elassification rules. The novelty of onr

algorithm iz ita wse of Rissapen™s Minimum Description Length (MDLY principle whon selecting

“good Tndividuals™,

Experiments on extracting molifs from protein sequences indicate that this

gives an appropriate bias for zelecting stable classification riles (motifs). Our experience also

shiows that the cowvergence spead largely depends en the adjustment parameter which balances

the description length of classification rules and its log-likelihood (o the sampte protein sequences.
lvev Vords: Genetic Algorithm. MDL Principle. Machine Learning. Motif Extraction, Genetic

Information Proceszsing. Pratein Sequence
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# 1: Evaluation of I'rediction Errors by Cross Validation Method
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