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Abstract

We think analogical reasoning is problem solving method that apply the knowledge of known domain (base) to the
unknown domain (target). The important issues of analogical reasoning are to find out similarity between individuals in

them and mapping between their attributes,

In this paper. we propose a analogical reasoning which solve above issues with the help of the goal of the new problem.
This makes reason to solve the new problem by backward chaining of ‘Case Rule's which represent problem solving steps
in old cases as demain knowledge. When we think night hand side of Caze Rule as goal, we also think lelt haeod side of
it as the viewpoins Lo select mapping attributes. First it uses hierarchy of concepls 1o map between usual attributes and
then maps between unusual attributes keeping consistency of mapping.

¥We also propose the method to show the judgement of the hypothetical mapping and discuss how to learn unusual

analogy with the viewpoml.

EX key words  Analogical Reasoning, Case-Base, Analogical Mapping
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